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Introduction
This study provides new quantitative information 
about individuals who applied for Supplemental 
Security Income (SSI) and Social Security Disability 
Insurance (DI) disability benefits when they were 
experiencing or at risk of homelessness. The Social 
Security Administration (SSA) places great impor-
tance on identifying homeless disability-program 
applicants because their unmet housing needs, along 
with their health challenges, make it harder for them to 
navigate the application process. By understanding the 
geographic distribution of homeless disability-program 
applicants across SSA’s service areas, and their demo-
graphic, socioeconomic, and program-participation 
characteristics, SSA can improve its efforts to ensure 
that homeless applicants receive needed supports.

For this article, we supplement structured data from 
SSA disability-benefit applicant intake forms with 
text mined from the “residential address” and “note” 
fields of those forms to identify individuals who were 
experiencing or at risk of homelessness.1 Our primary 

purpose is to provide an overview of the prevalence 
of homelessness among SSA’s service population. We 
identify 810,326 individuals experiencing homeless-
ness who submitted an initial SSI/DI disability-benefit 
application during the years 2007 through 2017 and 
had a medical decision made by a state Disability 
Determination Service (DDS) after September 2007.2 
This study is the first to examine the distribution 
of homeless SSI/DI applicants and beneficiaries 
across county-equivalent areas in the contiguous 
United States.3
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This article examines the geographic, demographic, socioeconomic, and program-participation characteristics 
of initial Supplemental Security Income (SSI) and Social Security Disability Insurance (DI) applicants who faced 
homelessness during 2007–2017. Using Social Security Administration data, we chart the distribution of home-
less SSI/DI applicants and beneficiaries across county-equivalent areas in the contiguous United States. We also 
use a text-mining method to identify 162,536 potentially homeless disability-program applicants, in addition to 
the 647,790 applicants identified using the standard homeless-status indicators in the administrative data. We 
find that homelessness among disability-program applicants was largely an urban phenomenon, with almost half 
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disability-program applicants were far more likely to be male, aged 18–64, and without a high school or general 
equivalency diploma. Allowance rates varied among studied applicants differentiated by program, mortality 
status, and primary impairment.
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To compile our count of homeless disability-program 
applicants, we began by identifying the individuals who 
were recorded as experiencing homelessness in one of 
two ways in the administrative records. The first is the 
“homeless flag,” which an SSA field officer activates 
in the DI or SSI applicant’s file to alert other SSA and 
DDS staff to follow the special case-processing proce-
dures required in cases involving homelessness. The 
second is the “transient indicator,” which is attached 
to an SSI applicant’s file for the same purpose as the 
homeless flag but is also used in postentitlement in-
kind support and maintenance (ISM) evaluations.4 To 
the count of individuals identified by the homeless flag 
and the transient indicator, we added applicants that 
we identified as experiencing homelessness by mining 
the text in “residential address” and “administrative 
note” fields in those application files. With the text-
mining experiment, this article explores whether SSA’s 
processes and mechanisms for recording homeless and 
transient status potentially miss any disability-program 
applicants who face housing instability.

Background
In administering the SSI and DI programs, SSA 
provides income stability for individuals with dis-
abilities who meet the program requirements and are 
experiencing homelessness. SSI and DI, in concert 
with other programs, can help individuals transition 
from homelessness toward stable and permanent 
housing. SSA promotes and seeks to improve col-
laboration with government and nonprofit stakeholders 
who serve individuals experiencing homelessness and 
can assist that population during both the initial SSI/
DI application and the medical determination pro-
cess.5 SSA is one of 19 agencies participating in the 
U.S. Interagency Council on Homelessness (USICH), 
which oversees and coordinates the federal response to 
homelessness.6 In addition to this study, SSA has con-
ducted various data analyses to inform USICH efforts. 
For example, in 2014, SSA evaluated the outcomes 
of Social Security disability applications submit-
ted through the Benefits Entitlement Services Team 

(BEST) demonstration project to determine if the proj-
ect successfully increased access to SSI/DI benefits for 
individuals experiencing homelessness (Kennedy and 
King 2014).7 SSA also conducted and evaluated the 
Homeless with Schizophrenia Presumptive Disability 
pilot. The evaluation found that providing support dur-
ing the application process for homeless individuals 
with a serious mental illness led to higher allowance 
rates at the initial adjudication level, fewer requests for 
consultative examinations, and reduced time to allow-
ance (Bailey, Engler, and Hemmeter 2016).

SSA Disability Programs
The SSI program makes payments to individuals 
with a qualifying disability and limited income and 
resources; the DI program provides benefits to disabled 
workers who are insured (based on their earnings 
records) and, in some cases, to their eligible fam-
ily members. Section 223 of the Social Security Act 
defines disability as “the inability to engage in any 
substantial gainful activity by reason of any medically 
determinable physical or mental impairment which 
can be expected to result in death or which has lasted 
or can be expected to last for a continuous period of 
not less than 12 months.” For both programs, individu-
als must meet that definition of disability. The SSI 
program is means-tested; qualifying applicants must 
have income and assets below certain levels. To qualify 
for DI benefits, individuals must have accrued suffi-
cient work credits based on their earnings histories.

The disability determination process begins when 
the individual applies for SSI, DI, or both and submits 
the application(s) to an SSA field office, where a staff 
member first verifies nonmedical eligibility by deter-
mining whether the applicant is engaged in substantial 
gainful activity, as indicated by an annually adjusted 
earnings threshold.8 If so, the field office denies the 
application; otherwise, the field office sends the case to 
a state DDS office.

In both programs, the DDS determines disability 
based on vocational and medical evidence from the 
applicant’s medical or behavioral care providers or 
from a consultative examination—that is, a physical or 
mental examination or test purchased by SSA. If the 
DDS determines that the applicant is not disabled, the 
applicant may request reconsideration, in which the 
DDS thoroughly reexamines all evidence used in the 
initial determination and any additional evidence or 
information submitted with the reconsideration appeal. 
If the DDS denies the application at the reconsidera-
tion level, the claimant may request an appeal hearing 
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before an administrative law judge (ALJ). If the claim 
is denied at the ALJ level, the applicant can then bring 
the case to the SSA Appeals Council; if the Council 
denies the claim or decides not to review the case, the 
applicant can appeal to federal district court.9

SSA Definitions of Housing Instability
SSA uses two definitions of housing instability in its 
disability programs. The first definition is the one that 
must be met to activate the homeless flag. It therefore 
applies to both the SSI and DI programs, and it has 
two components, one reflecting current status and 
the other reflecting prospective risk. SSA defines a 
disability-program applicant as “homeless” if he or 
she (1) does not have a fixed, regular, and adequate 
nighttime residence; or (2) is at risk of losing or is 
expected to lose his or her current accommodations 
within 14 days and will not have a fixed, regular, and 
adequate nighttime residence (SSA 2014a). SSA uses 
this definition to flag disability-program applications 
for special expedited processing so that individu-
als who face homelessness and meet the eligibility 
criteria can begin to receive stable income sooner. If 
an applicant meets this definition, SSA policy requires 
field office staff to activate the homeless flag manually 
in the agency’s Electronic Disability Collect System 
(EDCS). Thus, we use the EDCS homeless flag to 
identify applicants meeting this first definition.

The second definition applies only to the SSI 
program. SSA defines an applicant as “transient” if 
he or she has no permanent living arrangement or 
fixed place of residence. A member of a household or 
a resident of an institution is not considered transient; 
an individual who is homeless, or who stays with a 
succession of friends or relatives with no permanent 
arrangement, is considered transient (SSA 2005). 
SSA operational policy instructs field office staff to 
apply a “transient” indicator in the Modernized SSI 
Claims System (MSSICS) to record SSI applicants and 
recipients experiencing current housing instability.10 
SSA uses this information primarily to determine the 
applicant’s living-arrangement category (which may 
affect SSI payment amounts) and to help account for 
ISM (such as food or shelter received from family 
or friends) at the time of application or, if SSI pay-
ments have begun, at the time of an ISM evaluation 
(Nicholas 2014). SSA operational policy also instructs 
field office staff to activate the EDCS homeless flag 
on any pending disability-program application for a 
claimant whose SSI living arrangement is flagged as 
transient. We use the MSSICS transient indicator to 

identify applicants meeting this second definition of 
homelessness.

For this study, we also apply a third definition of 
homelessness, which more closely aligns with the 
Department of Housing and Urban Development 
(HUD) definition adopted by USICH. That definition 
identifies an individual as chronically homeless if he 
or she can be diagnosed with a physical or mental 
disability, is (or was) without a home, and experienced 
housing instability for at least 12 months either con-
secutively or during at least four separate occasions 
within the last 3 years (HUD 2015). For this study, 
we use the HUD/USICH homeless definition, which 
we identify in SSA records via text mining, to detect 
members of the SSI/DI population who may be expe-
riencing homelessness but do not have a homeless flag 
or transient indicator on their record.11 Specifically, for 
applicants either filing an SSI/DI claim or undergoing 
an SSI ISM evaluation, we search the content of the 
residential-address and administrative-note fields in 
their records for terms and phrases that reflect simi-
larities with the USICH definition of homelessness.12 
This approach is broad, but it represents a first step 
toward understanding whether the homeless flag and 
transient indicator alone might undercount the home-
less population.

Data and Methods
We used administrative data available from four SSA 
sources as of August 16, 2017. First, we used the Dis-
ability Analysis Support Hub (DASH) for program-
matic information and ZIP Codes for all initial SSI/
DI applications transferred from an SSA field office to 
a state DDS where a medical decision occurred after 
September 2007. We also used the DASH to detect the 
use of the homeless flag and transient indicator, and to 
provide the address and note field contents needed to 
identify homeless applicants via text mining. Second, 
we used the 2017 release of the Disability Research 
File (DRF) to obtain a 10-year view of SSI/DI applica-
tion and payment information.13 Third, we used the 
2015 version of the Disability Analysis File to obtain 
2015 earnings data and any additional or more current 
SSI and DI payment data. We concluded our analysis 
using death records available as of December 31, 2018 
from the restricted-access Death Master File.

Several data limitations influenced the parameters 
of our study. First, the reference periods of available 
data sources permitted us to study only homeless indi-
viduals who submitted an initial application during 
calendar years 2007 through 2017 and had a medical 



4	 https://www.ssa.gov/policy/docs/ssb/

decision rendered by a DDS after September 2007. 
Second, the limited availability of recent and accurate 
annual income data at the time of writing prevented us 
from examining earnings data for years since 2015.

Identification of Study Group
We applied the three methods of detecting homeless 
status to identify the subset of 2007–2017 disability-
program applicants we sought to include in our study. 
We selected DI applicants who had a homeless flag or 
text in the residential-address or administrative-note 
field indicating that they were homeless when they 
filed their application.14 We chose SSI applicants who 
had a homeless flag, transient indicator, or text in the 
residential-address or administrative-note field specify-
ing that they were homeless at the time of either an SSI 
application or a subsequent ISM evaluation.

Many applicants experiencing homelessness may 
not complete the SSI/DI application process or may 
have their applications denied because they lack 
supporting documentation of medical impairments 
(Bailey, Engler, and Hemmeter 2016). As such, many 
individuals apply for benefits multiple times. To sup-
port a person-level analysis and to avoid double count-
ing, we limited our study to the administrative records 
for only the most recent application of each homeless 
disability-program applicant whose initial application 
was received by SSA during 2007–2017. We examined 

data from the last application filed before an allowance 
or denial decision in which an SSA staff member iden-
tified the applicant as homeless.15,16 Likewise, to avoid 
double counting members of our comparison group of 
domiciled disability-program applicants, we applied 
the same selection criteria and methodology.

The study group is composed of 810,326 indi-
viduals, hereafter referred to as “homeless disability 
applicants.” Of these, we identified 64,264 cases 
(7.9 percent) with an EDCS homeless flag but no 
transient indicator or text-mining results indicating 
homelessness; 339,697 cases (41.9 percent) with an 
MSSICS transient indicator but no homeless flag or 
text-mining results indicating homelessness; and 
162,536 cases (20.1 percent) of homelessness indicated 
by only the text-mining method (Table 1 and Chart 1). 
We also identified 181,496 applicants (22.4 percent) 
by any combination of two of the three methods, as 
well as 62,333 applicants (7.7 percent) whose file met 
all three definitions. The 162,536 applicants who were 
identified by text mining alone—20.1 percent of the 
total group—would have been excluded from the 
study if we had used only the SSI transient indicator 
and SSI/DI homeless flag to identify homeless dis-
ability applicants. This outcome confirms that our 
text-mining method, using the HUD definition of 
homelessness, greatly increases the number of disabil-
ity applicants identified as experiencing homelessness.

Table 1. 
Disability-program applicants experiencing 
homelessness, by method of identifying 
homeless status, 2007–2017

Measure Number Percent

Total 810,326 100.0

One method only 566,497 69.9
EDCS homeless flag 64,264 7.9
MSSICS transient indicator 339,697 41.9
Text mining 162,536 20.1

Two methods 181,496 22.4
EDCS homeless flag and 
  MSSICS transient indicator 73,422 9.1
EDCS homeless flag and  
  text mining 38,815 4.8
MSSICS transient indicator  
  and text mining 69,259 8.5

All three methods 62,333 7.7

SOURCE: Authors’ calculations using administrative data 
from SSA.

64,26473,422

339,697

62,333
38,815

69,259

162,536

EDCS
   home-
      less
         flag

Text
mining

     MSSICS
  transient
indicator

Chart 1.
Disability-program applicants experiencing 
homelessness, by method of identifying 
homeless status, 2007–2017

SOURCE: Authors’ calculations using administrative data 
from SSA.
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Before conducting our geospatial analysis, we 
assessed how frequently field office staff applied the 
EDCS homeless flag and the MSSICS transient indica-
tor. The activation of the MSSICS transient indicator 
requires the activation of the EDCS homeless flag but 
only at the time an active SSI application is available for 
expedited processing (SSA 2005, 2014b, 2014c). As a 
result, for SSI allowances, we were unable to determine 
whether SSA staff had applied the MSSICS transient 
indicator at the time of application or during a postenti-
tlement ISM evaluation. Therefore, we assessed the use 
of the EDCS homeless flag and the MSSICS transient 
indicator by focusing on SSI denials because it is cer-
tain that field office staff applied the MSSICS transient 
indicator for this subgroup only at the time of applica-
tion, and not for a postentitlement ISM evaluation.

About one-quarter (25.6 percent) of denied SSI 
applications had neither an EDCS homeless flag nor an 
MSSICS transient indicator; we identified the appli-
cants as homeless using text mining (Table 2). Another 
13.7 percent of denied SSI applications were identified 
with only an EDCS homeless flag. The remaining 
60.7 percent of SSI denials had an MSSICS transient 
indicator; and although this entire subgroup should 
have had an EDCS homeless flag activated as well, 
only about one out of four had one.

Among all 439,422 denied SSI/DI applications, we 
found that only 28.3 percent had an EDCS homeless 
flag activated for them and received expedited process-
ing of their disability claims because of homelessness; 
however, there are many other reasons for which SSA 
may flag claims for expedited processing.17 Despite the 
limits of our study data, the analysis of denied applica-
tions begins to illuminate how frequently field office 
staff use the homeless flag and transient indicator for 
individuals facing disability and homelessness.

Geospatial Analysis
Although our study group consists of 810,326 home-
less disability applicants in SSA’s entire domestic 
service area, we focused our geospatial analysis on 
applicants in the 48 contiguous states. We anchored 
our geospatial analysis on the ZIP Codes of homeless 
disability applicants with a mailing address. We used 
Public Use Microdata Areas, developed for the Census 
Bureau’s American Community Survey, to provide the 
conversion factors needed to generate county-based 
statistics from ZIP Code–level data. Our study cov-
ers 2,274 county-equivalent areas across the lower 48 
states.18,19 Of the full study group, about 82.6 percent 
(669,298) had ZIP Code data indicating residence in 
the lower 48 states.20 Another 7.6 percent had ZIP 
Code data indicating residence in Alaska, Hawaii, or 
U.S. territories such as Guam and Puerto Rico. The 
remaining 9.8 percent of studied homeless disability 
applicants had no recorded ZIP Code.

Findings
We present our findings from three perspectives. 
First, we examine the geographic distribution of the 
homeless disability applicants. Second, we consider 
their demographic and socioeconomic characteristics. 
Third, we look at the differences (or similarities) 
between DI and SSI homeless disability applicants.

Geospatial Distribution of 
Homeless Disability Applicants
Charts 2–4 are maps of the contiguous United States 
respectively showing homeless disability applicants 
per 50,000 residents, homeless disability beneficiaries 
per 50,000 residents, and the 25 metropolitan areas21 
with the highest numbers of homeless disability 
applicants, all for the period 2007–2017. These maps 

Number Percent Number Percent Number Percent

All 439,422 100.0 27,507 100.0 411,915 100.0

62,003 14.1 5,375 19.5 56,628 13.7
194,326 44.2 6,022 21.9 188,304 45.7

62,361 14.2 586 2.1 61,775 15.0
120,732 27.5 15,524 56.5 105,208 25.6

a.

Table 2.
Denied disability-benefit applications from individuals experiencing homelessness, by program and 
method of identifying homeless status, 2007–2017

Includes individuals who applied for concurrent SSI and DI benefits. 

EDCS homeless flag only
MSSICS transient indicator only
Both homeless flag and transient indicator
Text mining only

DI only SSI aTotal
Method

SOURCE: Authors' calculations using administrative data from SSA.
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█ 0.005–0.369 █ 0.370–1.840 █ 1.850–29.490 █ 29.500–74.425 █ 72.426–832.220

Chart 2.
Homeless disability applicants per 50,000 residents, by county-equivalent area, 2007–2017

SOURCE: Authors’ calculations using administrative data from SSA.
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█ 0–0.109 █ 0.110–0.920 █ 0.921–14.550 █ 14.551–35.425 █ 35.426–360.470

Chart 3.
Homeless disability beneficiaries per 50,000 residents, by county-equivalent area, 2007–2017

SOURCE: Authors’ calculations using administrative data from SSA.
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provide four main takeaways. First, across the lower 
48 states, the most prominent clusters of homeless dis-
ability applicants appeared along the West Coast and 
the northeastern Interstate 95 corridor, in the Great 
Lakes region, and in Florida (Chart 2). Second, the 
geographic distributions of homeless disability appli-
cants and beneficiaries were similar, based on a visual 
comparison of Charts 2 and 3. Third, most clusters of 
homeless disability applicants occurred in urban coun-
ties with at least 50,000 residents; about 9.8 percent 
of homeless disability applicants lived in either the 
Los Angeles or the New York City metropolitan area 
and an additional 32.3 percent lived in 23 other urban 
areas (Chart 4 and Table 3). Fourth, less than 1 percent 
of homeless disability applicants resided in a band of 
counties in the central states running continuously 
from North Dakota through western Texas (Chart 2). 
Our geospatial analysis revealed that 98 percent of 
our study group in the lower 48 states resided in 
county-equivalent areas with at least 50,000 inhabit-
ants and that homelessness among disability applicants 
is largely an urban phenomenon. This finding is 
consistent with HUD’s point-in-time estimates of the 

population experiencing homelessness, which indicate 
that California and New York have the largest num-
bers of homeless individuals (driven by Los Angeles 
and New York City), followed by Florida (HUD 2017). 
By contrast, the share of the entire U.S. population that 
lived in urban areas at the end of our study period was 
80 percent (Census Bureau 2017).

Demographic and Socioeconomic 
Characteristics
Relative to domiciled disability applicants (that is, 
those not identified as homeless), homeless disability 
applicants were more likely to be men, of working age 
(18–64), and without a high school diploma or equiva-
lent (Table 4). They were also more likely to have died 
as of December 31, 2018.

Among the homeless disability applicants, 47,178 
(5.8 percent) worked during 2015.22 Some earnings-
related statistics, not shown in Table 4, provide 
interesting perspectives on the applicants we identify 
as homeless. For example, those who worked had 
median annual earnings of $3,261. Furthermore, those 
whose applications were denied had median earnings 

LAX

NYC

BOS

MIA

ORDSFO

SEA

BWI

WAS

ATLDFW

PHL
DTW

SMF

DEN

SAN

RAL

LUK

PHX

PVD

TPA

IAH

PDX

CMH

MSP

Chart 4.
Twenty-five core-based statistical areas with the most homeless disability applicants, 2007–2017

SOURCE: Authors’ calculations using administrative data from SSA and Office of Management and Budget.

NOTES: Core-based statistical areas are identified by airport code.

See Table 3 for the number of homeless disability applicants in each area. 
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that nearly doubled those of applicants who were 
allowed benefits ($5,273 versus $2,724). Surprisingly, 
earners in our study sample had an allowance rate of 
72.6 percent, while nonearners had an allowance rate 
of 44.1 percent. The reasons we see higher allowance 
rates for earners than for nonearners are unclear.

As of December 31, 2018, the respective death 
rates of homeless and domiciled individuals who had 
applied for disability benefits in the period 2007–2017 
were 12.9 percent and 11.3 percent; this difference 
is statistically significant, with a p-value of less than 
0.01. To account for age differences between the 
groups, we also analyzed death rates by age group. 
We found that the age-normalized death rates likewise 

were higher for homeless disability applicants than 
for their domiciled counterparts. These findings are 
consistent with those in social science and medical 
literature (O’Connell 2005).

Males and individuals with physical primary 
impairments were overrepresented among the home-
less disability applicants who had died by year-end 
2018 (not shown). Males constituted 77.3 percent and 
66.5 percent of deceased and living applicants, respec-
tively. Yet the characteristic with the largest difference 
between the percentages of deceased and living dis-
ability applicants is the physical primary impairment 
(74.1 percent versus 55.6 percent). No statistically 

Number
As a percentage of 

study group a

LAX 46,135 5.7
NYC 33,525 4.1
BOS 22,446 2.8
MIA 18,420 2.3
ORD 15,769 1.9

SFO 15,677 1.9
SEA 15,228 1.9
BWI 14,905 1.8
WAS 14,489 1.8
ATL 12,611 1.6

DFW 12,454 1.5
PHL 11,906 1.5
DTW 10,821 1.3
SMF 9,765 1.2
DEN 9,714 1.2

SAN 9,083 1.1
RAL 8,772 1.1
LUK 8,352 1.0
PHX 8,251 1.0
PVD 8,231 1.0

TPA 8,036 1.0
IAH 7,458 0.9
PDX 7,145 0.9
CMH 6,285 0.8
MSP 6,001 0.7

. . . 341,479 42.1
Total United States . . . 810,326 100.0

a.

11. Dallas-Fort Worth-Arlington, TX 
12. Philadelphia-Camden-Wilmington, PA-NJ-DE-MD 
13. Detroit-Warren-Dearborn, MI 
14. Sacramento-Roseville-Arden-Arcade, CA 

10. Atlanta-Sandy Springs-Roswell, GA 

Table 3. 
Twenty-five core-based statistical areas ranked by largest homeless disability applicant population in the 
period 2007–2017 

 5. Chicago-Naperville-Elgin, IL-IN-WI 

 6. San Francisco-Oakland-Hayward, CA 
 7. Seattle-Tacoma-Bellevue, WA 
 8. Baltimore-Columbia-Towson, MD 
 9. Washington-Arlington-Alexandria, DC-VA-MD-WV 

Homeless disability applicants

 1. Los Angeles-Long Beach-Anaheim, CA 
 2. New York-Newark-Jersey City, NY-NJ-PA 
 3. Boston-Cambridge-Newton, MA-NH 
 4. Miami-Fort Lauderdale-West Palm Beach, FL 

Airport code 
identifierRank and core-based statistical area

"Study group" comprises the total SSA domestic service area rather than only the contiguous United States. 

18. Cincinnati, OH-KY-IN 

15. Denver-Aurora-Lakewood, CO 

16. San Diego-Carlsbad, CA 

SOURCE: Authors' calculations using administrative data from SSA and Office of Management and Budget.

NOTE: . . . = not applicable.

23. Portland-Vancouver-Hillsboro, OR-WA 
24. Columbus, OH 
25. Minneapolis-St. Paul-Bloomington, MN-WI 

Top 25 combined

17. Riverside-San Bernardino-Ontario, CA 

19. Phoenix-Mesa-Scottsdale, AZ 
20. Providence-Warwick, RI-MA 

21. Tampa-St. Petersburg-Clearwater, FL 
22. Houston-The Woodlands-Sugar Land, TX 
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significant differences in educational attainment 
existed among homeless disability applicants, living 
or dead.

Program Type
In this section, we examine the SSA disability pro-
grams from which homeless applicants sought ben-
efits (SSI, DI, or SSI and DI concurrently). Table 5 
shows that more applicants sought only SSI payments 
(31.2 percent of all homeless disability applicants) than 
only DI benefits (5.2 percent). The remaining 63.6 per-
cent of the study subjects claimed concurrent SSI and 
DI benefits on their application records.

Table 6 shows that homeless disability applicants 
were more likely to have a physical condition than 
a mental or cognitive one recorded as their primary 
impairment (58.0 percent versus 42.0 percent).23 For 
applicants with a physical impairment, the death rate 
was slightly more than double that of applicants with 
a mental/cognitive impairment (16.4 percent versus 
8.0 percent).

The allowance rate for homeless disability appli-
cants overall was 45.8 percent (Table 7). Of the 
applicant subgroups, DI-only applicants had the lowest 
allowance rate of 34.0 percent, while those filing only 
an SSI claim had an allowance rate of 46.8 percent. 
Applicants with a physical primary impairment had an 
allowance rate of 41.4 percent while those with a men-
tal or cognitive primary impairment had an allowance 
rate of 51.8 percent.

Among the homeless disability applicant subgroups, 
one of the highest allowance rates was for those who 
died after their DDS decision (64.2 percent). This 
outcome might be attributed to an SSA initiative 
to expedite processing for certain applications by 
flagging them as terminal illness (or TERI) cases. 
SSA and DDS staff expedite the SSI/DI claims of 
homeless disability applicants who have a terminal 
illness at the initial step of the disability determina-
tion process (Rajnes 2012). In our study, the highest 
observed allowance rates were for those who died 
after they began receiving benefits and who belonged 

Number Percent Number Percent

Total 810,326 100.0 21,648,926 100.0

550,335 67.9 11,505,359 53.1
259,991 32.1 10,143,568 46.9

13,775 1.7 2,879,307 13.3
750,362 92.6 16,215,046 74.9

46,189 5.7 2,554,573 11.8

280,065 34.6 4,816,913 22.3
356,614 44.0 8,093,621 37.4
112,010 13.8 3,225,254 14.9

34,570 4.3 1,527,840 7.1
27,067 3.3 3,985,299 18.4

47,178 5.8 a a
763,148 94.2 a a

705,908 87.1 19,195,496 88.7
104,418 12.9 2,453,430 11.3

a.

No high school diploma or equivalent
High school diploma or equivalent

Living

Sex
Male
Female

Age

18–64
65 or older

Educational attainment

Table 4. 
Selected characteristics of homeless and domiciled individuals who applied for disability-program 
benefits during the period 2007–2017

Characteristic
DomiciledHomeless

0–17

We did not obtain earnings data for domiciled disability applicants.

Some college
College graduate
Missing data

Earnings status in 2015
Yes
No

SOURCE: Authors' calculations using administrative data from SSA.

NOTES: Rounded components of percentage distributions do not necessarily sum to 100.0.

Vital status on December 31, 2018

Deceased

https://www.ssa.gov/policy/docs/ssb/
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Number Percent Number Percent Number Percent Number Percent

Total 810,326 100.0 41,698 5.2 252,855 31.2 515,773 63.6

550,335 100.0 25,764 4.7 174,862 31.8 349,709 63.5
259,991 100.0 15,934 6.1 77,993 30.0 166,064 63.9

280,065 100.0 7,565 2.7 108,789 38.8 163,711 58.5
356,614 100.0 18,666 5.2 95,746 26.8 242,202 67.9
112,010 100.0 9,974 8.9 21,917 19.6 80,119 71.5

34,570 100.0 4,819 13.9 5,563 16.1 24,188 70.0
27,067 100.0 674 2.5 20,840 77.0 5,553 20.5

47,178 100.0 2,638 5.6 12,424 26.3 32,116 68.1
763,148 100.0 39,060 5.1 240,431 31.5 483,657 63.4

340,266 100.0 14,058 4.1 116,503 34.2 209,705 61.6
470,060 100.0 27,640 5.9 136,352 29.0 306,068 65.1

Concurrent DI 
and SSI

Table 5. 
Selected characteristics of individuals experiencing homelessness who applied for disability-program 
benefits during the period 2007–2017, with distributions by program

SOURCE: Authors' calculations using administrative data from SSA.

Mental or cognitive
Physical

Program

All
Characteristic

Yes
No

Primary impairment type

Female

Educational attainment

DI only SSI only

Sex
Male

NOTES: Rounded components of percentage distributions do not necessarily sum to 100.0.

No high school diploma or equivalent
High school diploma or equivalent
Some college
College graduate
Missing data

Earnings status in 2015

Number Percent Number Percent Number Percent

Total 810,326 100.0 340,266 42.0 470,060 58.0

550,335 100.0 218,378 39.7 331,957 60.3
259,991 100.0 121,888 46.9 138,103 53.1

280,065 100.0 124,702 44.5 155,363 55.5
356,614 100.0 144,906 40.6 211,708 59.4
112,010 100.0 42,411 37.9 69,599 62.1

34,570 100.0 14,450 41.8 20,120 58.2
27,067 100.0 13,797 51.0 13,270 49.0

41,698 100.0 14,058 33.7 27,640 66.3
252,855 100.0 116,503 46.1 136,352 53.9
515,773 100.0 209,705 40.7 306,068 59.3

SOURCE: Authors' calculations using administrative data from SSA.

8.0
27,094

College graduate
Missing data

Program 

16.4
77,324

DI only

Died as of December 31, 2018
Number
Death rate 12.9

104,418

SSI only
Concurrent DI and SSI

No high school diploma or equivalent
High school diploma or equivalent
Some college

Table 6. 
Selected characteristics of individuals experiencing homelessness who applied for disability-program 
benefits during the period 2007–2017, with distributions by type of primary impairment

Characteristic
All

Primary impairment type
Mental or cognitive Physical

Sex

Female

Educational attainment

Male
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to diagnostic groups involving many of the descrip-
tors used by SSA and DDS staff to identify a potential 
TERI case. Examples of diagnostic groups common 
in TERI cases include various types of malignant 
neoplasms such as cancers of the esophagus or liver. 
Subsequently deceased homeless disability applicants 
with primary impairments involving neoplasms or 
diseases of the digestive system had allowance rates 
of 95.4 percent and 76.6 percent, respectively (not 
shown). However, given the high number of home-
less disability applicants with a mental/cognitive or 
musculoskeletal impairment, not all who died were 
TERI cases.

Many homeless disability beneficiaries may be 
unable to manage their SSI and DI payments. SSA 
appointed a representative payee to manage the SSI/

DI payments received by 24.4 percent of homeless 
disability beneficiaries in our study (not shown).24 In 
comparison, during December 2019, an estimated 
18.6 percent of all working-age DI/SSI disability 
beneficiaries had a representative payee who helped 
them manage their program payments (SSA 2020a, 
2020b). Of the homeless disability beneficiaries we 
identified as having a representative payee, half had 
their SSI and DI benefits managed by a natural or 
adoptive parent or an authorized social service agency 
or custodial institution. Finally, the majority (69.1 per-
cent) of homeless disability beneficiaries with a payee 
at any point during program participation had a mental 
or cognitive condition rather than a physical one 
recorded as their primary impairment, consistent with 
needing assistance in managing one’s benefits.

Number Percent Number Percent Number Percent

Total 810,326 100.0 439,422 54.2 370,904 45.8

550,335 100.0 290,684 52.8 259,651 47.2
259,991 100.0 148,738 57.2 111,253 42.8

280,065 100.0 149,989 53.6 130,076 46.4
356,614 100.0 198,025 55.5 158,589 44.5
112,010 100.0 61,784 55.2 50,226 44.8

34,570 100.0 17,389 50.3 17,181 49.7
27,067 100.0 12,235 45.2 14,832 54.8

41,698 100.0 27,511 66.0 14,187 34.0
252,855 100.0 134,643 53.2 118,212 46.8
515,773 100.0 277,268 53.8 238,505 46.2

47,178 100.0 12,906 27.4 34,272 72.6
763,148 100.0 426,516 55.9 336,632 44.1

705,908 100.0 402,036 55.8 303,872 42.2
104,418 100.0 37,386 35.8 67,032 64.2

340,266 100.0 164,128 48.2 176,138 51.8
470,060 100.0 275,294 58.6 194,766 41.4

a. Denied or decision pending.

SOURCE: Authors' calculations using administrative data from SSA.

Earnings status in 2015
Yes
No

Vital status on December 31, 2018
Living

Concurrent DI and SSI

Deceased

Primary impairment type
Mental or cognitive
Physical

SSI only

Sex
Male
Female

Educational attainment
No high school diploma or equivalent
High school diploma or equivalent
Some college
College graduate
Missing data

Program 
DI only

Table 7. 
Selected characteristics of individuals experiencing homelessness who applied for disability-program 
benefits during the period 2007–2017, with distributions by application outcome

Characteristic
All

Application decision
Not allowed a Allowed
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Summary and Conclusions
This study provides new insights about the SSI and 
DI programs in the context of homelessness as well 
as new statistics about the geographic, demographic, 
socioeconomic, and program-participation character-
istics of homeless disability-program applicants. Some 
highlights of our findings follow.
Homelessness among disability-program 
applicants was largely an urban phenomenon, 
involving individuals living within concentrated 
areas in the contiguous United States. At least 
98 percent of homeless SSI/DI applicants in the lower 
48 states resided in urban counties, in contrast with 
80 percent of the general population (Census Bureau 
2017). About 42.1 percent of homeless disability 
applicants lived in one of 25 urban areas (Chart 4 and 
Table 3).
Several demographic subgroups were overrep-
resented among the study group. Relative to their 
domiciled counterparts, homeless disability applicants 
were far more likely to be male, aged 18 to 64, and 
without a high school diploma or equivalent (Table 4).
Allowance rates varied by program, postdecision 
mortality rate, and primary impairment. The overall 
allowance rate of homeless disability applicants was 
45.8 percent (Table 7). Those who applied for only DI 
had one of the lowest allowance rates (34.0 percent) of 
any applicant subgroup while those applying for only 
SSI had an allowance rate of 46.8 percent. Applicants 
who subsequently died had one of the highest allow-
ance rates, at 64.2 percent. SSA was more likely to 
allow SSI/DI benefits for applicants with a mental or 
cognitive primary impairment than for those with a 
physical condition (51.8 percent versus 41.4 percent).
Not all homeless disability applicants had an EDCS 
homeless flag on their files to prompt expedited 
processing of their applications. We examined the 
activation of the EDCS homeless flag (along with the 
MSSICS transient indicator) by focusing on SSI disabil-
ity applicants facing housing instability whose claims 
were denied. Under SSA operational policy, field office 
staff can activate the MSSICS transient indicator only 
at the time of application and are required to activate 
the EDCS homeless flag for every applicant with an 
activated MSSICS transient indicator. Only 28.3 percent 
of files for denied SSI/DI applications had an EDCS 
homeless flag activated (with or without an MSSICS 
transient indicator) and thereby received expedited pro-
cessing of their disability claim (Table 2). Future studies 
should explore the specific situations of these cases to 

determine whether certain circumstances that we did 
not observe precluded the need for the homeless flag.
Finally, a significant share of our study sample 
would not have been identified as homeless if we 
had relied on only the EDCS homeless flag and 
the MSSICS transient indicator. About 20 percent 
of our study group (162,536 claimants) would not have 
been included in this research if we had used only the 
homeless flag and transient indicator to identify those 
experiencing or at risk of homelessness (Chart 1). The 
application of a text-mining approach, informed by 
the HUD definition of homelessness, provides addi-
tional insight about the subset of disability-program 
applicants who may be experiencing or at risk of 
homelessness. Although additional research is needed 
to validate the current analysis or improve the meth-
ods used here, text mining could be a way to identify 
individuals facing disability and housing instability 
to ensure that they receive appropriate supports and 
assistance during the application process.

Appendix A: Text-Mining Search 
Terms and Phrases
Listed below are the text-mining search terms 
and phrases we used to identify SSI/DI applicants 
experiencing homelessness. We searched the 
residential-address and administrative-note fields 
of the claimants’ files (including those for SSI ISM 
evaluations) to detect any of the listed terms, which 
we selected because they align with the HUD/USICH 
definition of homelessness. We began building the 
list with a set of search terms and phrases gener-
ated by SSA researchers who attempted to identify 
2009–2011 disability-program claimants who were 
experiencing homelessness. Then, we checked 
and augmented the initial list of search terms and 
phrases by comparing them with those appearing 
in the residential-address and administrative-note 
fields of the files for 6,941 individuals belonging 
to the treatment group of the Homeless Outreach 
Projects and Evaluation (HOPE) demonstration from 
January 2005 through April 2007 (McCoy and others 
2007). The HOPE demonstration had targeted chroni-
cally homeless individuals who applied for DI and 
SSI benefits to participate in the project. Validating 
our terms against the HOPE list further assured the 
appropriateness of the terms we included; however, 
we acknowledge that further validation—including 
checking for false positives—would be necessary 
prior to any operationalization of this method to 
inform new policy or service delivery practices.
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Appendix B: Mapping Methods
We executed seven steps before creating the density 
maps (Charts 2 and 3) of the contiguous United States. 
First, we assumed that homeless disability applicants 
who had a recorded ZIP Code were dispersed among 
the component counties by the same proportions with 
which the ZIP Code’s land area fell within those coun-
ties. (The majority of homeless disability applicants 
in the lower 48 states had a recorded ZIP Code that 
was contained within a single county.) Second, we 
summed the number of homeless disability applicants 
living within each county-equivalent area of the lower 
48 states. Third, we extracted Census county-resident 
counts and divided them by 50,000, the minimum 
number of residents living in an urban county (Mis-
souri Census Data Center 2016). Fourth, we divided 
county homeless disability-applicant counts by the 
factor resulting from our third step to compute home-
less disability applicants per 50,000 county residents. 
Fifth, we sorted county-level records in ascending 
order of homeless disability applicants per 50,000 resi-
dents. Sixth, we divided the records into quintiles and 
identified the minimum and maximum values for each 
quintile. Finally, we used those values to assign each 
county-equivalent into a quintile or density category, 
shown in Chart 2. We then replicated this procedure 
for homeless disability beneficiaries, shown in Chart 3.

Notes
Acknowledgments: The authors thank Susan Wilschke, 
Jeffrey Hemmeter, Joyanne Cobb, Chris Tamborini, Angela 
Hood, Michael Compson, Hilary Waldron, Bert Kesten-
baum, and Sherria Green for their support and thoughtful 
comments on drafts of this article. 

1 Hereafter, our use of the term “experiencing homeless-
ness” should be taken to include individuals at risk of, but 
not necessarily currently experiencing, homelessness.

2 We use the acronym “SSI/DI” to refer collectively to 
three types of disability-program participation: (1) SSI only, 
(2) DI only, and (3) concurrent SSI and DI.

3 The contiguous United States includes the lower 48 
continental states, and excludes Alaska, Hawaii, and U.S. 
territories (Census Bureau 2013).

4 For information on how SSA uses the homeless flag and 
the transient indicator, see SSA (2014a) and SSA (2005), 
respectively.

5 Homeless-service stakeholders include providers 
of health care, behavioral health, and social services, 
as well as faith- and community-based organizations 
and partners. One example of collaboration is SSA’s 
participation in the Substance Abuse and Mental Health 
Services Administration’s SSI/DI Outreach, Access, 
and Recovery (SOAR) program. SOAR aims to increase 
access to SSA disability-program benefits for eligible 
children and adults who are experiencing or at risk of 
homelessness and have a serious mental illness, medical 

Search terms and phrases	 (70 items)

abandoned
airport
angels
angels watch
angel’s watch
bench
bus
cardboard box
camping
car
catholic charities
clinic
coalition
corr fac
corr facility
correc
correction
correctional

couch
double(d) (up)
empty
field office
forest
garage
general delivery
homeless
hotel
inn
live(s) with (friend or 
parent or relative or 
neighbor…)

metro
mission
motel
motor lodge
no address

no permanent
no place to live
park
park bench
pathfinder
rescue
residing with
salvation army
shelter
skid row
sofa
SSA FO
station
stay with
staying with
staying with friends
street
temp(orary) housing

tent
tent off
train
transcient
transient
transition housing
truck
under the bridge
undomicile
undomiciled
undomociled
vacant
vacant home
van
vehicle
woods
YMCA
YWCA
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impairment, and/or substance-use disorder (see https://
www.samhsa.gov​/homelessness​-programs​-resources​
/grant​-programs-services/soar).

6 The McKinney-Vento Homeless Assistance Act of 1987 
established USICH.

7 Kennedy and King found that BEST contributed 
to increased access to disability benefits for applicants. 
Relative to other disability cases, the BEST cases had high 
allowance rates and short processing times.

8 In 2015, for example, SSA considered substantial gain-
ful activity to be indicated by monthly earnings of at least 
$1,090 for a nonblind individual and at least $1,820 for a 
blind individual.

9 For detailed information on SSA’s sequential disability 
determination process, see Wixon and Strand (2013).

10 When using non-MSSICS paper records, SSA field 
office staff note transience in the remarks field.

11 SSA field office staff record homeless status only at the 
time of submission of a disability-program application or, 
in the case of SSI, a recipient’s most recent ISM evaluation. 
Because the SSA definition of “homeless” focuses on hous-
ing status at the time of application, disability-program staff 
are not required to follow up with applicants recorded as 
homeless or transient to determine the severity or duration 
of their housing instability (or to check whether domiciled 
applicants later become homeless).

12 Appendix A lists all search terms and phrases used to 
inform our text-mining method for selecting study mem-
bers. The residential-address and administrative-note fields 
are associated with application forms SSA-3368 (for DI) 
and SSA-8000BK (for SSI).

13 SSA restricts DRF adjudicative data to the first three 
levels of the SSI/DI disability determination process (initial 
DDS decision, DDS reconsideration, and administrative 
law judge hearing) because of data-reporting issues associ-
ated with the higher adjudicative levels.

14 Following guidelines in SSA (2006), we included 
individuals who faced housing instability and met the 
requirements for Old-Age and Survivor’s Insurance (OASI) 
benefits under the assumption that they had converted from 
DI to OASI on reaching their full retirement age (or age 55, 
if they were blind).

15 Examining the last application indicating homelessness 
may bias allowance rates upward because the likelihood 
of being allowed benefits increases with the number of 
applications submitted. However, we used the most recent 
application because it is more likely to reflect current infor-
mation for homeless SSI/DI disability applicants.

16 Nearly 28 percent of studied homeless disability appli-
cants submitted multiple disability-program applications 
and had homelessness indicated on at least one.

17 Quick Disability Determination, Compassionate 
Allowance, Terminal Illness, Wounded Warrior, and other 
flags may likewise expedite handling. 

18 Appendix B details the methodology of our geospatial 
analysis.

19 The federal government describes noncounty admin-
istrative or statistical areas that are comparable to counties 
as “county equivalents” (Census Bureau 2013). Louisiana 
parishes; the organized boroughs of Alaska and New York 
City; the District of Columbia; and the independent cities of 
the states of Virginia, Maryland, Missouri, and Nevada are 
equivalent to counties for administrative purposes.

20 Among the 2,274 county equivalents in the lower 48 
states with homeless disability applicants, about 34.7 per-
cent had no more than one applicant per 50,000 residents 
and 28.3 percent had at least 50 applicants per 50,000 
residents. About 40.9 percent of county equivalents with 
homeless disability applicants had no more than one benefi-
ciary per 50,000 residents and 13.5 percent had at least 50 
beneficiaries per 50,000 residents.

21 We used the Office of Management and Budget core-
based statistical areas to define the metropolitan areas.

22 For this study, we did not access the earnings data of 
the 21,648,926 individuals who were domiciled and who 
submitted at least one disability application from calendar 
year 2007 through 2017.

23 SSA statistical publications provide statistics by 
diagnostic group for beneficiaries but not for applicants. 
The rate of mental/cognitive primary impairments we 
found among our sample of homeless disability-program 
beneficiaries (47 percent; not shown) was greater than that 
of all DI beneficiaries (29 percent) but less than that of all 
SSI recipients (57 percent; SSA 2017a, 2017c).

24 SSA appoints a representative payee for an adult ben-
eficiary who is physically or mentally incapable of manag-
ing his or her own funds. In addition, SSA usually appoints 
a payee to receive benefits on behalf of a child younger than 
18 (SSA 2017b).
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